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Dominance of the residential sector 
in Chinese black carbon emissions 
as identified from downwind 
atmospheric observations 
during the COVID‑19 pandemic
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Chunmao Zhu2, Yongjoo Choi2, Kohei Ikeda3, Hiroshi Tanimoto3, Daichi Yamada4, 
Daiju Narita5, Yutaka Kondo6 & Zbigniew Klimont7

Emissions of black carbon (BC) particles from anthropogenic and natural sources contribute to 
climate change and human health impacts. Therefore, they need to be accurately quantified to 
develop an effective mitigation strategy. Although the spread of the emission flux estimates for 
China have recently narrowed under the constraints of atmospheric observations, consensus has 
not been reached regarding the dominant emission sector. Here, we quantified the contribution of 
the residential sector, as 64% (44–82%) in 2019, using the response of the observed atmospheric 
concentration in the outflowing air during Feb–Mar 2020, with the prevalence of the COVID-19 
pandemic and restricted human activities over China. In detail, the BC emission fluxes, estimated 
after removing effects from meteorological variability, dropped only slightly (− 18%) during Feb–Mar 
2020 from the levels in the previous year for selected air masses of Chinese origin, suggesting the 
contributions from the transport and industry sectors (36%) were smaller than the rest from the 
residential sector (64%). Carbon monoxide (CO) behaved differently, with larger emission reductions 
(− 35%) in the period Feb–Mar 2020, suggesting dominance of non-residential (i.e., transport and 
industry) sectors, which contributed 70% (48–100%) emission during 2019. The estimated BC/CO 
emission ratio for these sectors will help to further constrain bottom-up emission inventories. We 
comprehensively provide a clear scientific evidence supporting mitigation policies targeting reduction 
in residential BC emissions from China by demonstrating the economic feasibility using marginal 
abatement cost curves.

Air pollutant emissions from human activities have driven major changes in the atmospheric composition, 
exerting climate change and human health impacts1–4. The mitigation of these issues typically relates to emis-
sion reductions and therefore, accurate quantification and estimation of the current total emission fluxes, sector 
contributions, geographical distributions, and their temporal changes are crucial for efficient and robust mitiga-
tion policies. The linkage between temporal changes in the emission fluxes and atmospheric concentrations also 
needs to be understood to clarify the causal relationships.

Bottom-up emission inventories based on socio-economic information contain all such necessary informa-
tion. However, large uncertainties are associated with the reported emission rates, by up to a factor of two for of 
black carbon (BC) particles5,6, arising from uncertainties of the emission factors and activity data. The uncertainty 
might be reduced when constrained with atmospheric concentration observations, i.e., where the numerical 
model simulations driven with the emission inventory are compared with observations. For example, long-term 
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satellite-based and high-quality ground-based observations have provided trend information from which the 
relevant emission trends could be inferred7,8. In some advanced analyses, caution is exercised to account for 
the non-linear relationship between the emissions and concentrations owing to atmospheric chemistry as well 
as the effects from confounding factors such as changes in the air flow patterns or in the wet deposition9,10. 
However, a major limitation of this approach is that sector-specific evaluation is typically unattainable, unless 
the analysis is combined with good tracers that are specific for a particular sector. For example, in our previous 
work, total BC emission fluxes from China and their trend during 2009–2019 have been successfully estimated 
from atmospheric BC concentration observations at Fukue Island, located downwind of China with respect to 
the winter monsoon10; however, the contributions from industry and transport and those from the residential 
sectors were difficult to separate from each other.

Restriction in the human activity due to the prevalence of COVID-19 in spring 2020 resulted in sharp 
decrease of activity levels for certain sectors, especially transport and industry, while the residential sector activity 
remained essentially unchanged, providing a unique opportunity to separate the contributions.

In this study, we exemplify such separation for the first time for BC and carbon monoxide (CO) emission 
fluxes of Chinese origin, from the analysis of long-term observations at Fukue Island, western Japan, in February 
and March, during 2015–2020. The analysis was aided by atmospheric chemistry transport model simulations, 
which were used to remove the confounding factors from meteorology. The reduced emissions in 2020, due to 
the COVID-19 outbreak and compared with 2019 level, were used to infer the fractional contributions from 
the transport and industrial sectors. First, considering available data and information about the extent of the 
reduced activity levels, the full emission flux from the non-residential sectors was estimated. Then the remaining 
emission flux was attributed to the residential sector, which was assumed as unchanged relative to 2019 levels11. 
Policy implication of the results is also discussed.

Results and discussion
Estimating sector‑specific emission fluxes.  During Feb–Mar 2020, when the strongest reduction in 
the Chinese emission flux was estimated12, air masses reached Fukue Island (32.75°N, 128.68°E, 75 m above sea 
level, Fig. 1, see “Methods”) from major economic centers over China in the 108 hourly cases according to the 
120-h backward trajectories (using HYSPLIT13, see “Methods”), with negligible loss of BC by the wet removal 
process during travel, as assessed using the accumulated precipitation along the trajectory (APT, see “Methods”) 
as an index10,14. The backward trajectory calculations yielded 4215 hourly waypoints over China (at altitudes 
below 2500 m) in total, suggesting a footprint distribution covering a wide area of central East China (CEC) 
with large BC emission rates (Fig. 1, top); for example at 10 Feb 1200 UTC and 18 Mar 0600 UTC, backward 
trajectories passed over the north and south parts of CEC, respectively. The geographical pattern of the footprint 
density was similar to that from Feb–Mar 2019, estimated with 6230 hourly waypoints over China (Fig. 1, bot-
tom), and also to those from earlier years during 2015–2018 (Fig. S1). Note that the footprint calculated with the 
FLEXPART model15 considering dispersion (see “Methods”) had a relatively wider coverage but showed similar 
spatial patterns (Fig. S2).

Figure 2 shows time series of the observed and simulated BC and CO levels during Jan–Apr 2020 and 2019 
for comparison. The BC mass concentrations at Fukue clearly showed peaks during the transport events from 
China (green vertical bars on top of the figures). The average BC mass concentration and ΔCO mixing ratio 
(excess to the baseline, see “Methods”) for Chinese airmasses (108 hourly cases) were 0.471 μg m−3 and 96.1 ppb 
during Feb–Mar 2020, respectively, compared to 0.416 μg m−3 and 97.8 ppb, respectively, for the correspond-
ing 166 hourly cases during Feb–Mar 2019 (Fig. 3a, d). The Weather Research and Forecasting (WRF) and 
Community Multiscale Air Quality (CMAQ) (collectively WRF/CMAQ) model simulations (see “Methods”) 
reproduced such peaks during the transport events, particularly with respect to the air mass arrival timings and 
relative magnitudes. Such high performance in simulating the long-range transport events has been established 
for a long-term period (2009–2019) in our previous study10 and herein the simulation was extended to 2020. 
Note that the model’s performance in Feb–Mar for earlier years (2015–2018) were similarly good (Fig. S3). The 
simulations confirmed that major increases in the BC and CO levels were associated with air mass transport from 
China. The absolute levels were not well reproduced by the model, as the emission fluxes were intentionally fixed 
to those in 200816, which was regarded as a reference year (see details in “Methods”). Though the reference year 
was somewhat old, the spatial patterns of the emission fluxes were qualified against a newer emission inventory6 
(Fig. S4), at least with a spatial resolution of province levels, sustaining the performance of the simulations. From 
the ratios of the observed and modeled levels, we rather aimed to determine emission correction factors, which 
would bring the model levels into agreement with the hourly observations for the Feb–Mar period of each year10. 
The simulation results were used only when wet removal was regarded negligible, similar to the observations. 
In the model simulations, the WRF meteorology of the particular time periods were considered, and thus the 
effect from interannual variability in meteorology, including wind patterns, were removed by evaluating the 
observation-to-model ratios.

The average BC and ΔCO levels from the model simulations during the selected hours with transport from 
China without underway wet removal were 1.08 μg m−3 and 140 ppb in 2020, respectively, and 0.777 μg m−3 and 
83.1 ppb in 2019, respectively (Fig. 3a, d). This indicates that wind patterns were favorable for the transport of BC 
from the continent in 2020 for the analyzed cases. The calculated emission correction factors (median values of 
the ratios of the individual hours) were 0.55 ± 0.05 and 0.45 ± 0.09 (1σ) for 2019 and 2020 (Fig. 3b), respectively 
for BC. In this case, the range was estimated from the variability in the median values when the data were cat-
egorized into three subgroups (the random subgrouping was done 100 times and the median of the variability 
was employed). The central values were in good agreement with the observation-to-model ratios (0.54 and 
0.44) calculated after averaging concentrations over the annual events for observations and model simulations, 
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respectively. We have previously discussed10 that the fact that the values are much less than unity indicates that 
the BC emission fluxes from China are much lower than the reference value (i.e. 2008 value from REAS version 
2.116) and here we reaffirmed the results with a narrower seasonal time window (Feb–Mar). As a further study, 
we focus on a 18% reduction in the ratios from 2019 to 2020 (i.e., from 0.55 ± 0.05 to 0.45 ± 0.09). In a national-
level daily activity change estimation, Forster et al.12 estimated a 25% decrease in the Chinese BC emissions 
during Feb–Mar 2020. Our central estimate of the 18% reduction is smaller, but within the uncertainty range.

Figure 1.   Location of Fukue atmospheric environment observatory and footprint density distribution during 
(top) Feb–Mar 2020 and (bottom) Feb–Mar 2019. For 2020, two backward trajectories are also depicted. BC 
emission distribution from REAS version 2.116 is indicated with squares with gray-scaled borderlines.
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We attribute the 18% reduction primarily to the human activity reduction due to the COVID-19 pandemic. 
The activity levels of the industry and transport sectors (hereafter called non-residential sector collectively) were 
considerably reduced during this period, while that for the residential sector remained largely unchanged11,12. 
The overall activity in the former category was assumed to be reduced to 0.50 ± 0.14 of the original level, during 
the two-month period by considering the reported activity reductions12,17 (see “Methods”). Considering the 
reduction, the full contribution from the emission flux arising from the non-residential sector was estimated to 
be 36%, in 2019 (Fig. 3c), without influence from COVID-19. This indicates that the emission fraction from the 
uninfluenced sector (i.e., the residential sector) was 64% (50–72%) and dominant (Fig. 3c).

The same analysis for ΔCO yielded median values of the emission correction factors of 1.08 ± 0.08 and 
0.70 ± 0.07 (1σ) for 2019 and 2020, respectively (Fig. 3e). The 35% reduction (from 1.08 to 0.70) of CO emis-
sion flux in 2020 with respect to 2019 was significantly larger than the 18% estimated for BC in this study and 
the predicted 26% reduction12. Here the major difference in the emitting sectors for BC and CO is suggested.

Assuming that the activity level in the non-residential sector was reduced to 0.50 ± 0.14 of the original level 
for CO (see “Methods”), the non-residential sectors had a major contribution to the total, by 70% (55–97%), 
whereas the remaining minor fraction (30%) was attributed to the residential sector (Fig. 3f). This shows a clear 
contrast with the results for BC. The CO may also be affected by emission changes in the rest of the Northern 
Hemisphere; however, during this early phase of the COVID-19 prevalence, air masses reflecting emission reduc-
tions in Europe or America, where lockdown occurred from middle March 2020, may not have been transported 
to East Asia yet. Further, such intercontinental transport signals were expected to become broader with time and 
thus often absorbed in the baseline calculation when estimating ΔCO.

Our results are principally consistent with Cui et al.18, suggesting the significance of non-traffic source sec-
tor from a weak BC emission reduction during the pandemic period in the rural area of Qingdao, Shandong 
Province, China, in evaluating increases in the BC/NO2 concentration ratios. To the contrary, Jia et al.19 indicated 
as much as 48–70% reduction in the BC emissions in the northern and eastern China. It should be noted that 
their evaluation was made on the weekly basis and that they included cases with precipitation, assuming that 
the FLEXPART model was able to represent the wet deposition. We have previously noticed that the wet deposi-
tion efficiency associated with in-cloud scavenging for the most recent FLEXPART version 10.4 was too weak20. 
Considering the similar difficulty in representing wet deposition quantitatively with our WRF/CMAQ model 
simulations, we avoided using cases with non-negligible influence from wet deposition.

Figure 2.   Time series of (a) BC mass concentrations and (b) CO mixing ratios from observations (dark colors) 
and model simulations (light colors) during Jan–Apr in 2020 and 2019 (c, d). The estimated baseline levels are 
also shown. The hours with arrival of air masses from China are indicated with green vertical bars. Note that the 
cases from China but via Korea are not included to avoid false assignment. Light blue lines indicate cases with 
non-negligible wet deposition.
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Evaluation of bottom‑up emission inventories.  Because of the limited spatial and temporal coverage 
of the footprint with respect to the distribution of Chinese BC emissions, caution is necessary when our results 
are compared with the national annual total emissions. Although the important emission regions around central 
East China (15 provinces or municipalities) were covered by the footprint (Fig. S2), our estimation suggested 
that the other 46% fraction of the country total BC emissions, particularly those from southern or western areas, 
might have produced only 2% of the signal at Fukue Island when the synthesized pseudo signal was analyzed 
by multiplying the footprint with the emission rates. Such non-ideal spatial coverage of the footprint would 
introduce an uncertainty of ± 10% when comparing the estimated sectoral contributions with those of the whole 
country. Yet another type of uncertainty (± 10%) is expected with the seasonality, as the analyzed observation 
period was limited to Feb–Mar. Regional delay or inhomogeneity with the emission reduction could affect our 
analysis but was regarded negligible as previous studies, as the lockdown policy was introduced uniformly over 
the country. Thereby the total uncertainty range in the annual residential emission fraction of BC from this study 
was widened to 44–82% for the central estimate of 64%. Additional uncertainties for CO regarding the limited 
spatial and temporal coverage were evaluated to be identical; the total uncertainty range in the estimated annual 
non-residential emission fraction of CO was 48–100% (as a theoretical maximum) for the central estimate of 
70%.

Figure 3.   (a) Observed and modeled BC mass concentration levels for selected air masses (from China) during 
Feb–Mar for each year, (b) their ratios for estimating emission correction factors, and (c) estimated fractions 
from residential and non-residential sectors. (d–f) Same as (a–c) but for CO.

Table 1.   Estimated sectoral emission fluxes of BC and CO from China in 2019, a normal year before the 
COVID-19 effects.

BC, residential (Tg yr−1) BC, others (Tg yr−1) CO, residential (Tg yr−1) CO, others (Tg yr−1)

This study 0.56 ± 0.23 (64% or 
44–82%) (36%) (30%) 153 ± 69 (70% or 48–100%)

REAS version 3.26 (2015) 0.67 (40%) 0.99 (60%) 50 (28%) 126 (72%)

MEIC version 1.325 (2017) 0.63 (50%) 0.63 (50%) 57 (42%) 79 (58%)

ECLIPSE version 6b22 
(2015) 0.74 (63%) 0.43 (37%) 43 (27%) 118 (73%)

EDGAR version 5.021 
(2015) 0.29 (22%) 1.03 (78%) 32 (25%) 98 (75%)

CEDS (v_2016_07_16, 
CMIP6 release)5 (2014) 1.29 (51%) 1.25 (49%) 92 (48%) 101 (52%)
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Table 1 contrasts the estimated sector fractions with the latest estimates from five bottom-up emission inven-
tories. The fractions from the residential sector for Chinese BC emission fluxes are widely spread among the 
five inventories, from 22% with EDGAR version 5.021 for 2015 to 63% with ECLIPSE version 6b22 for 2015. Our 
analysis (64% as central value with a range of 44–82%) supports the upper end of the range, particularly from 
ECLIPSE version 6b. The low residential BC fraction in EDGAR version 5.0 is partly because it attributes a large 
fraction (33%) to “1.A.1.bc Petroleum Refining – Manufacture of Solid Fuels and Other Energy Industries” in 
the IPCC categorization, which seems to be too large; this is potentially due to high biased emission factors for 
coke oven which are expected to have been reduced due to significant transformation of coking sector23,24. The 
non-residential sector fractions for CO from inventories were narrower, ranging from 52 to 75% and were fairly 
consistent with our central estimate (70%).

For BC, the absolute emission flux from the residential sector was also estimated to be 0.56 ± 0.23 Tg yr−1 
(Table 1), by multiplying the emission correction factor (0.55 for 2019) associated with an overall uncertainty 
of ± 27%10 and the estimated fraction attributable to residential (64%, or 44–82%) to the original reference BC 
emission flux (1.59 Tg yr−1) assumed in the model simulations. The value was fairly consistent with those from 
REAS version 3.26, MEIC version 1.325, and ECLIPSE version 6b22 (0.63–0.74 Tg yr−1). In comparison, our 
results suggest that EDGAR version 5.021 (2015), had a large underestimation (0.29 Tg yr−1), whereas CEDS 
(CMIP6 release)5 had a large overestimation (1.29 Tg yr−1). Considering that the bottom-up emission invento-
ries were for 2014–2017, steady emission reductions might have been important from the years until 2019. The 
total BC emission flux from China, estimated as 0.87 ± 0.27 Tg yr−1 for 2019 was on the low side of the range 
of the 1.17–2.54 Tg yr−1, as discussed in our previous study10. It should be noted that a newer CEDS version, 
CEDS_GBD-MAPS (2020_v1.0)26 had lower values than 2.54 Tg yr−1, i.e., 1.61 and 1.39 Tg yr−1 for 2015 and 
2017, respectively.

For the sectoral separation, only data from 2019 and 2020 were compared; however, the difference between 
the two years might have been influenced from a longer-term decreasing trend since 2015 for BC (Fig. 3b); this 
implies that factors other than the effect of COVID-19 might also have been important. Even so, the decreasing 
trend in recent years was likely to be driven by the change within the industrial sectors, as no particular measures 
were evident for the residential sector during this period. In such a case, the BC emission flux decrease from 
2019 to 2020 can still be attributable to changes within the industry sector (i.e., non-residential or others) and 
therefore, our conclusion here that the BC emission flux in 2019 was dominated by the residential sector remains 
unchanged. For CO, the decrease in the emission correction factor in 2020 was evident, while the factor was 
almost flat during 2015–2019 (Fig. 3e); the results for CO would also be unchanged even when the data before 
2019 were taken into account.

For simplicity we have so far assumed that the emission fluxes from the residential sector were unchanged 
from 2019 to 2020. However, it has been suggested12 that there was a 5% increase in the activity level during 
Feb–Mar 2020, due to the increased energy demand in the sector related to the stay-home policy. Considering 
this factor, the contribution from the non-residential sector would be decreased by ~ 2%. Nonetheless the influ-
ence is small and will not alter our conclusion that the residential sector was dominant.

For CO, the absolute emission flux from the non-residential sectors estimated from this study, 153 ± 69 Tg yr−1, 
was relatively larger than those from the inventories, in the range of 79–126 Tg yr−1. The total CO emission flux 
from China was estimated as 219 ± 46 Tg yr−1, on the high side of the range from the bottom-up emission 
inventories (136–193 Tg yr−1). The cause of the difference has not been identified. It should be noted that a study 
estimating the Chinese total CO emission flux from satellite data assimilation in a top-down approach27 yielded 
231.3 Tg yr−1 for 2016 for eastern China only.

Another robust parameter determined in this study is the BC/CO emission ratio from the non-residential 
and residential sector, as 0.0020 gBC gCO−1 (or 2.5 ng m−3 BC (ppb CO)−1 in Standard Temperature and Pres-
sure (STP, 273 K, 1 atm) and 0.0084 gBC gCO−1 (or 10.6 ng m−3 BC (ppb CO)−1 in STP, respectively. The value 
for the non-residential sector was closest to 0.0036 gBC gCO−1 (or 4.6 ng m−3 BC (ppb CO)−1 in STP) from 
ECLIPSE version 6b again among the studied bottom-up inventories and much lower than the range from others 
(0.0079–0.012 gBC gCO−1 or (9.8–15.5 ng m−3 BC (ppb CO)−1 in STP). The latter value for the residential sec-
tor was overestimated (0.011–0.017 gBC gCO−1 (or 13.8–21.5 ng m−3 BC (ppb CO)−1 in STP) by the bottom-up 
inventories, with the closest value from ECLIPSE version 6b. The large spread of the BC/CO emission ratios 
between the residential and rest sectors by a factor of 4 was found from this study. Except for EDGAR version 
5.0, all bottom-up inventories qualitatively estimated a larger emission ratio for the residential sector than that 
for the non-residential sector, which is consistent with observations. However, the ratios need to be shifted 
downward considerably to explain the observations.

Implications for mitigation policy.  The BC emission flux from the residential sector, shown to be domi-
nant in 2019 appear as the robust policy target for further emission reduction in China. Its sector-level impor-
tance has been highlighted by previous studies1–4,28 through quantification of its climate effect or the potential 
effectiveness of its reduction in terms of health and climate co-benefits. This study provides a clear observational 
evidence that the dominant Chinese BC emission flux is from the residential sector, which these studies assumed.

Further in this section we provide analysis of the marginal abatement cost (MAC) curves29,30 (Fig. 4, see 
“Methods”), which can be used to indicate the emission abatement potential and associated abatement costs, 
and demonstrate economic feasibility for the reduction in residential BC emissions from China. For this analy-
sis, we used detailed information from ECLIPSE version 6b22 for 2015, whose performance has been assessed 
consistent with observations, in terms of the total Chinese BC emission flux as well as its long-term trend in our 
previous study10 and the sector contributions in this study. Figure 4 shows the MAC curves for the residential 
and non-residential sectors. For the residential sector, the MAC was sustained at around 10–20 Euro kg−1 for a 
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BC emission reduction range up to 0.45 Tg, whereas those for the non-residential sector increased to 100 Euro 
kg−1 for a BC reduction < 0.2 Tg. This suggests that the BC emission reduction in the residential sector, mainly 
achieved by replacing coal-based cooking or heating stoves with gas-based alternatives, is more cost efficient.

Methods
Observations and model simulations.  The analyzed BC and CO observations were taken from the 
Fukue atmospheric environment observatory (32.75°N, 128.68°E, 75 m above sea level, see Fig. 1)10,14,31. The 
observatory is located on a remote Fukue Island (326 km2) in western Japan, receiving continental outflow 
airmasses frequently in the winter–spring season, with negligible influence from local emissions on the island 
(more than 10 km away from the main township). See references10,14,31 for more details. Decadal observations 
of BC since 2009 and CO since 2011 have been conducted, with particular focus on Feb–Mar 2019 and 2020 for 
this study. The used instruments and their operation were detailed in Kanaya et al.10. Briefly, "unified" BC data 
were produced by averaging hourly observational records from two instruments, a continuous soot-monitoring 
system (COSMOS; BCM3130, Kanomax, Suita, Japan) and a multi-angle absorption photometer (MAAP5012; 
Thermo Scientific, Waltham, MA, USA). A PM1 cyclone was equipped in the air sampling line. The two instru-
ments are minimally influenced by co-existing scattering particles, because of a pre-heater integration for COS-
MOS and scattering correction algorithm considered with the MAAP. Using the mass absorption cross section of 
10.3 m2 g−1, the BC mass concentrations from MAAP agreed with those from COSMOS with a systematic high 
bias of 14% and a random uncertainty of ± 17% for a long observational period (2009–2019)10 (See Fig. S2 of 
the paper for details). For the particular period of this study, a good agreement down to 0.02 μg m−3 was found; 
the high bias of the MAAP and the random uncertainty were estimated as 4% and ± 17% for Feb–Mar during 
2015–2019 and 6% and ± 14% for Feb–Mar during 2020, respectively (Fig. S5). The BC levels from COSMOS 
agreed with those from a Single Particle Soot Photometer (SP2; Droplet Measurement Technologies, Longmont, 
Colorado, USA) to within 12% in 201532 and 8% in 201933, respectively. The atmospheric CO mixing ratios 
were observed with a non-dispersive infrared sensor (Model 48C; Thermo Scientific) with an uncertainty of 
4%10,14. Here, ΔCO was defined as the enhancement from baseline, determined as the 5th percentile over the 
moving 14-day time window. Hourly airmass classification was made with backward trajectory analysis (NOAA 
HYSPLIT13) from the coordinates of the observation site at an altitude of 500 m above sea level using a meteoro-
logical field from the Global Data Assimilation System (GDAS1) at a 1° × 1° resolution and a duration of 120 h, 
similarly to Kanaya et al.10. Hourly data measuring air masses directly leaving the coastline of mainland China 
and arriving at Fukue Island via the East China Sea were identified. Data with minimal influence from wet depo-
sition were selected based on the criterion that Accumulated Precipitation along the Trajectories integrated over 
the past 72 h (APT34) was less than 1 mm, as used by Kanaya et al.10. Influence of dry deposition was weak, as 
assessed by the decay of the ΔBC/ΔCO ratio against the air mass travel time14. Data during 166 and 108 hourly 
cases were thus selected for 2019 and 2020, respectively, and were compared. The footprint area, where the 
observations at Fukue would have sensitivities to surface emissions, was estimated from the spatial distribution 
of the hourly waypoints of the backward trajectories calculated individually for the 166 and 108 hourly cases 
(Fig. 1 and Fig. S1). Another type of footprint calculations was also made with the FLEXPART model (version 
10.4)15 for the same hourly cases (Fig. S2) to verify the results based on the simple backward trajectories, using 
a meteorological field from the NCEP FNL operational model global tropospheric analyses (ds083.2) at a 1° × 1° 
resolution. Wet and dry deposition processes were made effective during the transport for 120 h, though con-
sidered to be negligible for the selected cases. The two types of footprint maps similarly covered the economy 
centers of China in CEC, while the footprint with the FLEXPART model extended to a wider region as the air 
dispersion was represented. The two methodologies agreed in that ~ 50% (specifically 48 or 46%) of BC emis-
sions from China, particularly those from southern or western areas, have produced only 2% of the signal at 
Fukue Island when the synthesized pseudo signal was analyzed by multiplying the footprint with the emission 
rates. The 15 provinces or municipalities around CEC producing major signals were identified with the footprint 
derived with the FLEXPART model, with which the potential representativeness of the estimated sectoral con-
tributions over the country was examined.

Figure 4.   Marginal abatement cost (MAC) curves for Chinese BC emissions from residential and non-
residential sectors.
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Even though cases with negligible effect of wet deposition were chosen, the wind transportation pattern of 
the outflow was different from case to case or year to year and affects the comparison between 2020 and 2019. 
This meteorological effect was corrected for by using the Weather Research and Forecasting (WRF) chemi-
cal transport model, coupled with the Community Multiscale Air Quality model (CMAQ), collectively WRF/
CMAQ. The model was able to reproduce the timings of the events and associated transportation process details, 
including degrees of horizontal and vertical dispersion specifically for the east Asia region35–37. Kanaya et al.10 
demonstrated the superior performance of the model with respect to BC and ΔCO during 2009–2019 in their 
Figs. 4 and S1. Here, we showed its high performance for 2020 and 2019 (Fig. 2) and 2015–2018 (Fig. S3), which 
indicates that the spatial distribution of the emission inventory of BC and CO for input to the model (REASv2.116) 
was reasonable.

The emission fluxes were purposefully kept constant at a reference value (i.e., those estimated for 2008). The 
emission correction factors were calculated as the observation-to-model concentration ratios on each transport 
event basis or their two-months mean basis. The annual mean of the ratios could be regarded as factors that bring 
the model simulations into agreement with observations, assuming a linear response of the concentrations to the 
emissions. Through this data processing, we removed the effect from interannual variabilities in the transport 
efficiency and evaluated the effects from the emission changes alone. The method was previously successfully 
applied for estimating the large emission reduction trend of BC from China10 between 2009 and 2019. In this 
study, the analysis was extended to 2020 by focusing on the events during Feb–Mar, to fit to the two months in 
2020 (Fig. 2), under the strong influence from the restricted emissions during the COVID-19 pandemic.

Estimation of activity level changes.  The activity level change in the other (non-residential) sector 
due to the human activity restriction during Feb–Mar 2020 was estimated as a weighted average of those esti-
mated individually for the surface transport and industry sectors (− 79%17 for the surface transport sub-sector 
and − 33%12 for the industry sub-sector during Feb–Mar 2020), as − 50 ± 14% (reduction ratio of 0.50 ± 0.14) 
for both BC and CO. The values were then used to convert the partial emission reduction, which was directly 
estimated based on the concentration changes, to the full emission contribution of the non-residential sector. 
Finally, the full emission contribution of the residential sector was determined based on the remainder. The 
weights of emissions were estimated by averaging those in the three emission inventories (REAS version 3.26, 
MEIC version 1.325, and ECLIPSE version 6b22). The weights could be different between BC and CO but were 
assumed to be identical because of the large uncertainties. It should be noted that the estimated activity level 
change for the surface transport sub-sector was smaller (− 42%)12, when estimated based on mobility data, than 
the − 79%17 used here. Future studies based on more solid information, such as car travel distances or fuel use, 
are needed for validation purposes.

Calculation of the marginal abatement cost (MAC).  EFijk represents the BC emission factor for sub-
sector i, fuel type j, and the applied technology k, and Cijk the cost to apply technology k to a unit of fuel j in 
i. Assuming that the emission is abated by replacing technologies h (high emission) with l (low emission), the 
MAC is calculated as:

Aggregating MACijhl for all i, j, and existing h, we obtained the national-level MAC curve and amount of 
abated BC emissions, while separating the residential and non-residential sectors. A caveat is that the simulta-
neous emission changes of species other than BC are not included, and the calculation does not intend to cover 
the effects of all species.

Data availability
The observational data set for BC is collectively available from https://​ebcrpa.​jamst​ec.​go.​jp/​atmos​comp/​obsda​
ta/ or upon direct contact to the corresponding author.

Received: 16 August 2021; Accepted: 1 November 2021

References
	 1.	 IPCC. Climate Change 2021: The Physical Science Basis. Contribution of Working Group I to the Sixth Assessment Report of the 

Intergovernmental Panel on Climate Change (eds Masson-Delmotte, V. et al.) (Cambridge University Press, 2021).
	 2.	 UNEP and WMO. Integrated Assessment of Black Carbon and Tropospheric Ozone: Summary for Decision Makers, p. 285. ISBN: 

92-807-3141-6. http://​www.​unep.​org/​dewa/​Porta​ls/​67/​pdf/​Black_​Carbon.​pdf (2011).
	 3.	 UNEP. Air Pollution in Asia and the Pacific: Science-Based Solutions, p. 250 (Climate and Clean Air Coalition (CCAC) and Asia 

Pacific Clean Air Partnership (APCAP), UNEP, 2019). ISBN: 978-92-807-3725-7.
	 4.	 AMAP. Impact of Short-Lived Climate Forcers on Arctic Climate, Air Quality, and Human Health, Summary for Policy-Makers, p. 

20. https://​oaarc​hive.​arctic-​counc​il.​org/​handle/​11374/​2609 (2021).
	 5.	 Hoesly, R. M. et al. Historical (1750–2014) anthropogenic emissions of reactive gases and aerosols from the Community Emissions 

Data System (CEDS). Geosci. Model Dev. 11, 369–408. https://​doi.​org/​10.​5194/​gmd-​11-​369-​2018 (2018).
	 6.	 Kurokawa, J.-I. & Ohara, T. Long-term historical trends in air pollutant emissions in Asia: Regional Emission inventory in ASia 

(REAS) version 3. Atmos. Chem. Phys. 20, 12761–12793. https://​doi.​org/​10.​5194/​acp-​20-​12761-​2020 (2020).
	 7.	 Georgoulias, A. K. et al. Trends and trend reversal detection in 2 decades of tropospheric NO2 satellite observations. Atmos. Chem. 

Phys. 19, 6269–6294. https://​doi.​org/​10.​5194/​acp-​19-​6269-​2019 (2019).
	 8.	 Sharma, S. et al. An evaluation of three methods for measuring black carbon in Alert, Canada. Atmos. Chem. Phys. 17, 15225–15243. 

https://​doi.​org/​10.​5194/​acp-​17-​15225-​2017 (2017).

(1)MACijhl = (Cijl−Cijh)/(EFijh−EFijl).

https://ebcrpa.jamstec.go.jp/atmoscomp/obsdata/
https://ebcrpa.jamstec.go.jp/atmoscomp/obsdata/
http://www.unep.org/dewa/Portals/67/pdf/Black_Carbon.pdf
https://oaarchive.arctic-council.org/handle/11374/2609
https://doi.org/10.5194/gmd-11-369-2018
https://doi.org/10.5194/acp-20-12761-2020
https://doi.org/10.5194/acp-19-6269-2019
https://doi.org/10.5194/acp-17-15225-2017


9

Vol.:(0123456789)

Scientific Reports |        (2021) 11:23378  | https://doi.org/10.1038/s41598-021-02518-2

www.nature.com/scientificreports/

	 9.	 Miyazaki, K. et al. Decadal changes in global surface NOx emissions from multi-constituent satellite data assimilation. Atmos. 
Chem. Phys. 17, 807–837. https://​doi.​org/​10.​5194/​acp-​17-​807-​2017 (2017).

	10.	 Kanaya, Y. et al. Rapid reduction in black carbon emissions from China: Evidence from 2009–2019 observations on Fukue Island, 
Japan. Atmos. Chem. Phys. 20, 6339–6356. https://​doi.​org/​10.​5194/​acp-​20-​6339-​2020 (2020).

	11.	 Le Quéré, C. et al. Temporary reduction in daily global CO2 emissions during the COVID-19 forced confinement. Nat. Clim. 
Change 10, 647–653. https://​doi.​org/​10.​1038/​s41558-​020-​0797-x (2020).

	12.	 Forster, P. M. et al. Current and future global climate impacts resulting from COVID-19. Nat. Clim. Change 10, 913–919. https://​
doi.​org/​10.​1038/​s41558-​020-​0883-0 (2020).

	13.	 Stein, A. F. et al. NOAA’s HYSPLIT atmospheric transport and dispersion modeling system. Bull. Am. Meteorol. Soc. 96, 2059–2077. 
https://​doi.​org/​10.​1175/​BAMS-D-​14-​00110.1 (2015).

	14.	 Kanaya, Y. et al. Long-term observations of black carbon mass concentrations at Fukue Island, western Japan, during 2009–2015: 
Constraining wet removal rates and emission strengths from East Asia. Atmos. Chem. Phys. 16, 10689–10705. https://​doi.​org/​10.​
5194/​acp-​16-​10689-​2016 (2016).

	15.	 Pisso, I. et al. The Lagrangian particle dispersion model FLEXPART version 10.4. Geosci. Model Dev. 12, 4955–4997 (2019).
	16.	 Kurokawa, J. et al. Emissions of air pollutants and greenhouse gases over Asian regions during 2000–2008: Regional Emission 

inventory in ASia (REAS) version 2. Atmos. Chem. Phys. 13, 11019–11058. https://​doi.​org/​10.​5194/​acp-​13-​11019-​2013 (2013).
	17.	 China Highway: Passenger Traffic. https://​www.​ceicd​ata.​com/​en/​china/​highw​ay-​passe​nger-​traff​ic. Last accessed 27 July 2021.
	18.	 Cui, S. et al. One-year real-time measurement of black carbon in the rural area of Qingdao, Northeastern China: Seasonal varia-

tions, meteorological effects, and the COVID-19 case analysis. Atmosphere 12, 394. https://​doi.​org/​10.​3390/​atmos​12030​394 (2021).
	19.	 Jia, M. et al. Black carbon emission reduction due to COVID-19 lockdown in China. Geophys. Res. Lett. 48, e2021GL093243. 

https://​doi.​org/​10.​1029/​2021G​L0932​43 (2021).
	20.	 Choi, Y. et al. Investigation of the wet removal rate of black carbon in East Asia: Validation of a below- and in-cloud wet removal 

scheme in FLEXible PARTicle (FLEXPART) model v10.4. Atmos. Chem. Phys. 20, 13655–13670. https://​doi.​org/​10.​5194/​acp-​20-​
13655-​2020 (2020).

	21.	 EDGAR v5.0 Global Air Pollutant Emissions. https://​edgar.​jrc.​ec.​europa.​eu/​overv​iew.​php?v=​50_​AP; https://​doi.​org/​10.​2904/​JRC_​
DATAS​ET_​EDGAR. Last accessed 27 July 2021.

	22.	 Global emission fields of air pollutants and GHGs. https://​iiasa.​ac.​at/​web/​home/​resea​rch/​resea​rchPr​ograms/​air/​ECLIP​SEv6b.​
html. Last accessed 16 Oct 2021.

	23.	 Huo, H. et al. China’s coke industry: Recent policies, technology shift, and implication for energy and the environment. Energy 
Policy 51, 397–404 (2012).

	24.	 Klimont, Z. et al. Global anthropogenic emissions of particulate matter including black carbon. Atmos. Chem. Phys. 17, 8681–8723. 
https://​doi.​org/​10.​5194/​acp-​17-​8681-​2017 (2017).

	25.	 Zheng, B. et al. Trends in China’s anthropogenic emissions since 2010 as the consequence of clean air actions. Atmos. Chem. Phys. 
18, 14095–14111. https://​doi.​org/​10.​5194/​acp-​18-​14095-​2018 (2018).

	26.	 McDuffie, E. et al. CEDS_GBD-MAPS: Global Anthropogenic Emission Inventory of NOx, SO2, CO, NH3, NMVOCs, BC, and 
OC from 1970–2017 (2020_v1.0). Zenodo. https://​doi.​org/​10.​5281/​zenodo.​37549​64 (2020).

	27.	 Miyazaki, K. et al. Balance of emission and dynamical controls on ozone during the Korea-United States air quality campaign from 
multiconstituent satellite data assimilation. J. Geophys. Res. Atmos. 124, 387–413. https://​doi.​org/​10.​1029/​2018J​D0289​12 (2019).

	28.	 Archer-Nicholls, S. et al. Radiative effects of residential sector emissions in China: Sensitivity to uncertainty in black carbon emis-
sions. J. Geophys. Res. Atmos. 124, 5029–5044. https://​doi.​org/​10.​1029/​2018J​D0301​20 (2019).

	29.	 Yamada, D. & Narita, D. Marginal abatement costs of methane emission from waste treatment in Japan—A national level estima-
tion accounting for the current administrative and institutional conditions. Environ. Sci. 34, 152–161. https://​doi.​org/​10.​11353/​
sesj.​34.​152 (2021) ((in Japanese)).

	30.	 Amann, M. et al. Cost-effective control of air quality and greenhouse gases in Europe: Modeling and policy applications. Environ. 
Model. Softw. 26, 1489–1501. https://​doi.​org/​10.​1016/j.​envso​ft.​2011.​07.​012 (2011).

	31.	 Takami, A. et al. Chemical composition of fine aerosol measured by AMS at Fukue Island, Japan during the APEX period. Atmos. 
Environ. 39, 4913–4924 (2005).

	32.	 Miyakawa, T. et al. Alteration of the size distributions and mixing states of black carbon through transport in the boundary layer 
in east Asia. Atmos. Chem. Phys. 17, 5851–5864. https://​doi.​org/​10.​5194/​acp-​17-​5851-​2017 (2017).

	33.	 Ohata, S. et al. Estimates of mass absorption cross sections of black carbon for filter-based absorption photometers in the Arctic. 
Atmos. Meas. Tech. 14, 6723–6748. https://​doi.​org/​10.​5194/​amt-​14-​6723-​2021 (2021).

	34.	 Oshima, N. et al. Wet removal of black carbon in Asian outflow: Aerosol Radiative Forcing in East Asia (A-FORCE) aircraft 
campaign. J. Geophys. Res. 117, D03204. https://​doi.​org/​10.​1029/​2011J​D0165​52 (2012).

	35.	 Li, J. et al. Uplifting of Asian continental pollution plumes from the boundary layer to the free atmosphere over the Northwestern 
Pacific Rim in spring. SOLA 9, 40–44 (2013).

	36.	 Ikeda, K. et al. Sensitivity analysis of source regions to PM2.5 concentration at Fukue Island, Japan. J. Air Waste Manag. Assoc. 64, 
445–452. https://​doi.​org/​10.​1080/​10962​247.​2013.​845618 (2014).

	37.	 Yamaji, K. et al. Influence of model grid resolution on NO2 vertical column densities over East Asia. J. Air Waste Manag. Assoc. 
64, 436–444 (2014).

Acknowledgements
This research was supported by the Environment Research and Technology Development Fund 
(JPMEERF20152005, JPMEERF20182003) of the Environmental Restoration and Conservation Agency of Japan, 
by the KAKENHI grant numbers 16H01770, 25220101, and 18H04143, and by the ArCS (Arctic Challenge for 
Sustainability) and ArCS II (Program Grant Number JPMXD1420318865) Projects of the Ministry of Education, 
Culture, Sports, Science and Technology of Japan. We gratefully acknowledge assistance from Mr. Minoru Kubo 
and Drs. Tamio Takamura, Hitoshi Irie, and Jun-ichi Kurokawa. We thank Alex Boon, PhD, from Edanz Group 
(https://​en-​author-​servi​ces.​edanz.​com/​ac) for editing a draft of this manuscript.

Author contributions
YKa designed the study, conducted analyses, and wrote the manuscript. KY and KI optimized and conducted 
WRF/CMAQ model simulations. YKa, TM, FT, CZ, and YKo contributed to observations and instrumentation. 
CZ collected information of activity reduction in the transport sector in China. YC contributed to the data 
screening method and FLEXPART model calculations with CZ. ZK, DY, and DN provided interpretation and 
discussion of the emission reduction and conducted economic analysis. HT coordinated the team and contrib-
uted to discussion.

https://doi.org/10.5194/acp-17-807-2017
https://doi.org/10.5194/acp-20-6339-2020
https://doi.org/10.1038/s41558-020-0797-x
https://doi.org/10.1038/s41558-020-0883-0
https://doi.org/10.1038/s41558-020-0883-0
https://doi.org/10.1175/BAMS-D-14-00110.1
https://doi.org/10.5194/acp-16-10689-2016
https://doi.org/10.5194/acp-16-10689-2016
https://doi.org/10.5194/acp-13-11019-2013
https://www.ceicdata.com/en/china/highway-passenger-traffic
https://doi.org/10.3390/atmos12030394
https://doi.org/10.1029/2021GL093243
https://doi.org/10.5194/acp-20-13655-2020
https://doi.org/10.5194/acp-20-13655-2020
https://edgar.jrc.ec.europa.eu/overview.php?v=50_AP
https://doi.org/10.2904/JRC_DATASET_EDGAR
https://doi.org/10.2904/JRC_DATASET_EDGAR
https://iiasa.ac.at/web/home/research/researchPrograms/air/ECLIPSEv6b.html
https://iiasa.ac.at/web/home/research/researchPrograms/air/ECLIPSEv6b.html
https://doi.org/10.5194/acp-17-8681-2017
https://doi.org/10.5194/acp-18-14095-2018
https://doi.org/10.5281/zenodo.3754964
https://doi.org/10.1029/2018JD028912
https://doi.org/10.1029/2018JD030120
https://doi.org/10.11353/sesj.34.152
https://doi.org/10.11353/sesj.34.152
https://doi.org/10.1016/j.envsoft.2011.07.012
https://doi.org/10.5194/acp-17-5851-2017
https://doi.org/10.5194/amt-14-6723-2021
https://doi.org/10.1029/2011JD016552
https://doi.org/10.1080/10962247.2013.845618
https://en-author-services.edanz.com/ac


10

Vol:.(1234567890)

Scientific Reports |        (2021) 11:23378  | https://doi.org/10.1038/s41598-021-02518-2

www.nature.com/scientificreports/

Competing interests 
The authors declare no competing interests.

Additional information
Supplementary Information The online version contains supplementary material available at https://​doi.​org/​
10.​1038/​s41598-​021-​02518-2.

Correspondence and requests for materials should be addressed to Y.K.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://​creat​iveco​mmons.​org/​licen​ses/​by/4.​0/.

© The Author(s) 2021

https://doi.org/10.1038/s41598-021-02518-2
https://doi.org/10.1038/s41598-021-02518-2
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Dominance of the residential sector in Chinese black carbon emissions as identified from downwind atmospheric observations during the COVID-19 pandemic
	Results and discussion
	Estimating sector-specific emission fluxes. 
	Evaluation of bottom-up emission inventories. 
	Implications for mitigation policy. 

	Methods
	Observations and model simulations. 
	Estimation of activity level changes. 
	Calculation of the marginal abatement cost (MAC). 

	References
	Acknowledgements


